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[Abstract] Diagnosis and treatment of digestive tract tumors is not optimistic with high incidence and mortality. Early
diagnosis is conducive to improving the survival rate and quality of life of the patients. A variety of endoscopic imaging techniques
have been applied in the diagnosis of digestive tract tumors, each with its own advantages and disadvantages. Optical coherence
tomography (OCT) has emerged as a non-invasive and high-resolution imaging technique with unique advantages in staging and
diagnosis of superficial digestive tract tumors. The complexity of massive image processing has also been effectively addressed with the
development of artificial intelligence (AI), and Al-assisted OCT imaging, especially in the diagnosis of digestive tract tumors, has
shown good prospects. This review summarizes the principle and development of OCT, and discusses the potential of Al-assisted
OCT for deep learning in the diagnosis of digestive tract tumors.

[Key words] optical coherence tomography; digestive tract tumors; artificial intelligence; diagnosis
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